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WAVELET TRANSFORM IN INVESTIGATIONS OF STUDENTS EDUCABILITY
DEPENDENTLY ON DEGREE OF GRAPHICAL SKILLS AUTOMATION OF WRITING
PROCESS

Olga Kozina, Nataliya Bilous, Mykola Zapolovskij, Vladimir Panchenko

Abstract: Application of 2-level 2-D Haar Discrete Wavelet Transform of images with special words repeated by
hand is offered. Metric of similarity for images with pattern words and images with students' written words like
analog of proposed patterns is considered. A new approach to objective assessment of educability like
dependence on level of graphic skills of process of writing is offered. Experiment is revealed the presence of
statistic significant correlation between average score in special academic subjects group or in other words

between special educability and level of graphic writing skills automation for high school students.
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1 The degree of automation of movements in writing process like a feature of the higher nervous

activity

Process of writing is a complex activity and all divisions of the cerebral cortex participate in its formation.
Psychophysical basis of process of writing is the interaction of different analyzers — speech-motor, auditory,
visual, hand-motor. The interaction of such mental activities as thinking, memory, attention, imagination, external
and internal speech occurs during writing. Process of writing is a complex motor skill, which includes technical,
graphical and spelling skills. Graphic skills reflect the ability to write symbols by hand on paper quickly and clearly
and spelling skills reflect knowledge how to apply hand-written characters and the abilities to use these rules
during process of writing for the reflecting of its content. Technical skill is manifested in the ability to hold the right
techniques and methods of writing, such as proper position of the body during process of writing or the location of

paper, etc. The technical and graphic skills define a character and features of the handwriting of a person.

The process of writing according to its psychological content from the outset is a conscious act to be formed in
the special education arbitrarily and requires a number of special operations for its implementation in contrary to

spoken language which assimilated across the imitating of another person's speech.

The type of coordination of movements during process of writing that acquired in learning and the degree of

automation of these movements greatly influence on the number and nature of deviations appeared during
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writing, from the typical patterns of writing of characters and symbols. Insufficient degree of automation of
movements during process of writing will be manifested in significant changes in the implementation of characters
and their compounds than it is happening in the cases with a sufficient degree of automation of these movements
[Kornev 1999, Bernstein 1990].

Processes of excitations and inhibitions are main nervous processes taking place in development of writing. Ratio
of the basic properties of these processes (power, balance, mobility) affects the formation of writing. Type of
higher nervous activity, depending on the degree of dominance first or second signaling system in it and the
degree of precision transfer of temporal links the first signaling system in the second one, which may be different
for individuals, may affect the ability of that person more or less successfully imitate of handwriting features of
another person. |. Pavlov identifies three main types of people depending on the predominance of the first or

second signal system in the brain [Bernstein 1990]:

a) the artistic style, characterized by a predominance of the first signaling system;

b) the thinking style, characterized by a predominance of the second signaling system;
c) the average type, characterized by a relative balance of both signaling systems.

Other things being equal, person with a predominance of the first signaling system in the state more accurately
imitate the handwriting of another person and demonstrate in his process of writing to the significant set of
handwriting features of another person than those with a predominance of the second signal system. It is known
that persons with a more precision transfer of temporal links the first signaling system in the second signaling
system able to fully and comprehensively recognize the signs of his and others' handwriting and successfully

imitate the handwriting of another person [Kornev 1999].

Thus, individual differences in process of writing to different persons are a reflection not only of external learning

environments, but also characteristics of their higher nervous activity.

2 organization of the experiment to identify the statistical relationship between educability and

the level of graphical skills automation of writing process

Pavlov's research showed that education is the formation of temporary connections in the cerebral cortex of the

brain, and skill — the system of these bonds [Podlasiy 2003].

On the one hand, the motor component of process of writing requires considerable conscious effort and attention
when writing, distracting him from more important tasks associated with given semantic task. On the other hand,
it's known that productivity of education is directly proportional to level of educability and stability of attention of
students, and it also depends on the level of their memory. Addition, the student achievements are directly
proportional to educability depending on the strength of attention. Therefore, if we assume that student

estimations reflect student's achievements and student with higher scores has greater educability, then the level
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of automation of the motor components of process of writing is a reflection of the level of attention, therefore, the

level of educability that is the main hypothesis will be tested experimental.

Distinguish between general educability — the ability of mastering any material and special educability — learning
ability of certain types of material (of various sciences, academic subjects, practices). The first type of educability

is an indicator of the total talents of the individual while the second one is an indicator of only special.

To identify the statistical relationship between each type of educability and the level of graphical skills of writing
process works from 18 third-year students of Computer and Information Technologies Faculty in the National
technical university «Kharkiv Politechnical Institute» (Ukraine) were analyzed. Forms with patterns of words with
different lengths in native language were given for students in several weeks. One part of such sheets is shown in

Figure1a.

Spelling and fonts of handwriting patterns are conform to the norms of the Ministry of Education and Science of
Ukraine and were taken from handwriting patterns for primary classes. Students were not aware of the purpose of
the experiment, in other words they were not aware that the quality of this works will be compared with their
educability. For students the problem had formulated such: as precisely as possible to repeat the handwriting
patterns of words and to continue write to string the same words in the shortest time. Then an average score was
calculated from previous 4 sessions for each student. Moreover, all subjects were divided into two groups - the

general and special subjects. Each group of academic subjects is corresponds to general or special educability.

Fig.1. Examples of experimental materials: a — part of a sheet-pattern, b — part of a sheet-result



346 International Journal “Information Theories and Applications”, Vol. 17, Number 4, 2010

Table 1. Groups of academic subjects

General subjects

Special subjects

High Mathematics Programming
Ukraine History Basics of Computer Technology
Physics Computer-aided design

Engineering Graphics

Discrete Mathematics

Theory of electro-magnetic circuit

System Programming

Philosophy. Logic

Applied theory of digital automata

Foreign Language

Computer electronics and circuitry

History of Science and Technology

Computing Algorithms and Data Structures

Cultural Studies, Ethics , Religious studies

Databases

Sport

Computers Architecture

Thus, the level of automation of graphical and motor skills of process of writing reinforced by the ability to

properly carry out the assigned trivial tasks are compared with two values of average scores on general and

special academic subjects.

3 Processing of experimental data

20 repeated and 20 own written three-, four- and five-symbols words for each student were selected from all
obtained materials. To assess the level of graphical skills automation of writing process measure of similarity
between the proposed handwriting patterns of word and both repeated word and own written same word are
analyzed. Digital variants of experiment materials was received by scanning of the completed student sheets with

experimental results and clean patterns sheets with same resolution. Algorithm for primary processing of digital

images has been developed and implemented in Matlab. The sense of the algorithm is as follows:

- alignment of contours on patterns sheets and results sheets;

- subdividing of whole sheets on disjoint sub-images with patterns of every words;




International Journal “Information Theories and Applications”, Vol. 17, Number 4, 2010

347

- select a base point on the processed results sheet which will be left down vertex of the allocated area of interest

with equal size dimensions to pattern sub-image of corresponding word (Figure 2);

- convert the result sub-image with analyzed word into grayscale.
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Fig. 2. Selection of interest area into results sheet

After primary processing the task of experiment results processing are considered as a problem of quantitative

comparison of pattern and result sub-images with corresponding word through a specific metric called similarity

measurement. A high similarity value between two images means a high level of graphical skills automation of

writing process.

To images recognizing and to their similarity estimation Fourier Transform and discrete wavelet transform are

successfully used [Bebis 2006, Pretto 2010, Rakhmankulov 2008].

As presented in [Burrus 1998] the Fourier Transform gives the spectral content of the whole signal, but it gives no

explicit information regarding where in space those spectral components appear. A better tool for non-stationary

signal analysis (whose frequency response varies in time, like in the images) is the Wavelet Transform [lyengar

1997, Chui 1992, Mallat 1998]: it gives information about which frequency components exist and where these

components appear. Properties of Discrete Wavelet Transform (DWT) coefficients were exploited in order to
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calculate the images similarity for our case. Every image can be represented as a linear combination of the

images in the wavelet basis:

PO=F e 9+ T T4 0

where C; — approximation coefficients, d ;. — detailed coefficients, k —location index, j — scale parameter.

A wavelet representation of a function consists of a coarse overall approximation together with detail coefficients
that influence the function at various scales. For our experiment 2-D Haar DWT of the grayscale images was

selected. Given the resolution of images, we decide to stop at second level of decomposition.

Fig.3. Two-level 2-D Wavelet decomposition

2-level 2-D Wavelet decomposition of input image £, and C, — the approximation coefficients, H ,,V;,D, -

respectively the horizontal, vertical and diagonal detailed coefficients in j-th level of the wavelet decomposition
are shown in Figure 3. Transform going to higher level decompositions can significantly reduce the decomposed
image's size, but higher level of decompositions discard important features in images, like edges and high

frequency patterns useful for comparing of images in our experiment.

The Haar Wavelet is chosen as a wavelet type because of it is very effective in detecting the exact locations
when a signal changes: image discontinuity is one of most important features chosen in image-based localization.
The detail coefficients are the intensity variations along rows, columns and diagonals. Thus detailed coefficients
can be used to detect and highlight image shapes. The higher the absolute values of coefficients are the higher

probabilities that it encodes salient image features.
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2 sets of 4 matrices of the horizontal, vertical and diagonal detailed coefficients with dimensions

ax b = wjreveletlevel oy [ wavelet-tevel \hore y is the image’s width and / is the image’s

height were obtained by using the functions from Matlab to calculate the coefficients of 2-level 2-D Haar DWT for

each pair of pattern-result sub-images.

A metric that compares how many significant wavelet coefficients the query has in common with potential targets
is used to compute image similarity usually [Pretto 2010]. But in our case, such a metric is not suitable, especially
for the analysis of the repeated handwriting words. Therefore, considering the obtained matrix with coefficients as

coordinates of multidimensional space, calculate the length of each vector p(C, ), p(H, ), p(V, ). p(D, ) by

the formula calculating the Euclidean distance between the coordinates of wavelet coefficients space for pattern

and result sub-images with corresponding word:

where sh — index of matrixes’ elements for approximation coefficients, for horizontal, diagonal and vertical

detailed coefficients of second level wavelet decomposition of pattern sub-image, respectively,

t — index of matrixes elements for approximation coefficients, for horizontal, diagonal and vertical detailed

coefficients of second level wavelet decomposition of result sub-image, respectively.
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Fig.4. Example of part of results sub-images processing for one student

An example of the file with obtained according to (2) distances ,o(C2 ), p(H ) ), ,o(V2 ), p(Dz) between all
pattern and result sub-images accordingly for one student are shown on Figure 4. Left two columns contain the
names of files with compared sub-images and the next 4 columns contain ,o(C2 ), p(H ) ), ,o(V2 ), p(Dz)
respectively. Obtained distances were grouped in 3 samples, depending on the length of the word-pattern. For

each sample were calculated standard deviations.

Standard deviation of the distance between the corresponding wavelet coefficients of pattern and result sub-
images was calculated for each length of word. Correlation coefficients between the average score of general and
special subjects groups disjoint and standard deviations of distances between 2D Haar DWT coefficients for

every lengths of word were calculated in Statgraphics Centurion package.
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Each line in Figure 5 contains data of one student in the following sequence: average scores on special academic

subjects, standard deviations of p(Cz), p(Hz), p(Vz), p(Dz) for three-symbol words and standard

deviations of p(C2 ), p(H ) ), ,o(V2 ), p(D2 ) for four-symbol words.

Pearson product moment correlations between each pair of variables x and j calculated by:

are represented in Table 2. P-values below 0,05 indicate statistically significant non-zero correlations at the

95,0% confidence level.
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Fig.5. Initial data for calculations of correlation coefficients
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Table 2. Correlation coefficients between variables x and y

Correlation coefficients r(x, y)
Number of , . "
X Group of academic subjects or educability type
symbols
into word y y
Type of vector
special P-value general P-value
p(C,) 0,4752 0,0539 0,3952 0,1164
3
p(H,)+p(V,)+ p(D,) | 01459 0,5764 0,0382 0,8842
p(c2 ) 0,5552 0,0207 0,6807 0,0026
4
p(Hz) 0,5318 0,0280 0,4174 0,0955
,O(Cz ) 0,6905 0,0022 0,6228 0,0076
5
p(H2)+ p(V2)+ P(Dz) 0,3418 0,1793 0,5378 0,0260

4 Interpretation of results and future works

Considering the Haar Wavelet, the approximation coefficient C, represent only the mean of the intensity of the

pixels composing the macro-squares (4x4 pixels in our case) or general characteristic of a word. On the other
hand, the difference between values of this coefficient for pattern and result sub-images is proportional to the

number of pixels which involved to writing of analog of the pattern word but have distinct intensities of pixels at

the pattern word or to general recognition, the readability of the word.

The horizontal, vertical and diagonal detailed coefficients H,,V,,D, are shown preferential direction of

inaccuracies in the writing of words. Since the maximum value correlation coefficient between p(H 2) and the
average score in special academic subjects group for 4-synbols words (r = 0.5318) with no statistically significant

correlation with p(Vz) (r=0.2389 and P-value = 0.3558) demonstrates that the loss of attention during process

of writing leads to more extreme variations in the width of written word than variations of its height .
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Absence statistically significant correlation coefficients between the mean scores for both groups of subjects and
three-symbols words requires further study and may be explained by the fact that when writing of short words
"truncated" motor skills are predominated in nervous activities of students, similar to the graphical skills of alone
symbol writing. Movements of hand in such cases are minimum also and do not require a long and precise
control of motor skills. Besides shorter words easier to remember, that is why smaller loss of attention occurs
during process of writing short words. This gives rise to the formation of hypotheses about the higher values of
correlation coefficients between special educability and measures of patterns-results sub-images similarity for
seven-, eight- or nine-symbols words. Verifying this assumption, as well as the formulation of regression models
of students’ educability relating to the level of graphical skills automation of students will be the subject of future

studies.

Conclusion

Thus, described experiments revealed the presence of statistic significant correlation between average score in
special academic subjects group or in other words between special educability and level of graphic writing skills
automation for high school students. Further study about abilities of using 2-D Discrete Wavelet Transform to
quantify the level of graphic skills automation of writing process should give base for models of an objective

assessment of educability.

Bibliography

[Kornev 1999] A. Kornev, Methodology to evaluate of automation of writing skills, Problems of pathology of development and
disintegration of speech function. St. Petersburg: Pub. of St.-Petersburg University (1999), pp.54-59 (in Russian).

[Bernstein 1990] N. Bernstein, Physiology of movements and activity, Moscow: Nauka, (1990), 494p (in Russian).
[Podlasiy 2003] I. Podlasiy, Effective Pedagogy: the book for teachers, Moscow: Public education, (2003), 496p (in Russian).

[Bebis 2006] G. Bebis, A. Gyaourova, S. Singh, |. Pavlidis, Face Recognition by Fusing Thermal Infrared and Visible
Imagery, Image and Vision Computing, vol. 24, no. 7 (2006), pp. 727-742.

[Pretto 2010] A. Pretto, E. Menegatti, Y. Jitsukawa, R. Ueda, T. Arai, Image similarity based on Discrete Wavelet Transform

for robots with low-computational resources, Robotics and Autonomous Systems, 58 (2010) 879-888pp.

[Rakhmankulov 2008] V. Rakhmankulov, A. Akhrem, V. Gerasimova, A. Barsegov, Multidimensional wavelet analysis of
images, Proceedings of ISA RAS T., 38 (2008), pp.278-288 (in Russian).

[Burrus 1998] S. Burrus, R. Gopinath, H. Guo, Introduction to Wavelets and Wavelet Transforms: A Primer, New Jersey:
Prentice Hall, (1998), 282 pp.



354 International Journal “Information Theories and Applications”, Vol. 17, Number 4, 2010

[lyengar 1997] S. lyengar, L. Prasad, Wavelet Analysis with an Application to Image Processing, Chapman and Hall/CRC
Press, (1997), 279p.

[Chui 1992] C. Chui, An Introduction to Wavelets, London: Academic Press, (1992), 266p.

[Mallat 1998] S. Mallat, A Wavelet Tour of Signal Processing, New York: Academic Press, (1998), 637p.

Authors' Information

Olga Kozina - Ph.D., lecturer of Computers and Programming Department of National

Technical University ‘KPI’, Kharkiv, Ukraine; e-mail: hpi-kozina@rambler.ru

Major Fields of Scientific Research: medical information systems, segmentation and

recognition ,system modeling

Nataliya Bilous — Ph.D., head of ITLCVS laboratory, professor of Kharkov National

University of Radio Electronics, Kharkov, Ukraine; e-mail: belous@kture.kharkov.ua

Major Fields of Scientific Research: image processing, segmentation and recognition,

building of computer vision system, computer testing and learning systems

Nikolaj Zapolovskij — Ph.D., Cheaf of Computer and Information Technologies Faculty of
National Technical University ‘KPI’, professor of National Technical University ‘KPI’, Kharkiv,

Ukraine

Major Fields of Scientific Research:system modeling, computer testing and learning systems

Vladimir Panchenko — teacher of Computers and Programming Department of National

Technical University ‘KPI’, Kharkiv, Ukraine

Major Fields of Scientific Research: synthesis of tests for learning systems, artificial

intelligence systems


mailto:hpi-kozina@rambler.ru�
mailto:belous@kture.kharkov.ua�

	Introduction
	Method
	Image orientation angle determination
	Comparison of orientation angle estimating methods
	Determination of the “backlash” of an image rotation algorithm
	Horizon line tracking
	Conclusion
	Bibliography
	Authors' Information
	Introduction
	1. Model description
	Conclusion
	Acknowledgements
	Bibliography
	Authors' Information
	Introduction
	Preliminaries
	Constructing Permutation
	Conclusion
	Bibliography
	Authors' Information
	Introduction
	The Approach to Semantic Indexing
	Automatic Abstracting
	Classification and Cataloging of Documents
	Conclusion
	References
	Authors Information
	1 The degree of automation of movements in writing process like a feature of the higher nervous activity
	2 organization of the experiment to identify the statistical relationship between educability and the level of graphical skills automation of writing process
	3 Processing of experimental data
	4 Interpretation of results and future works
	Conclusion
	Bibliography
	Authors' Information
	Introduction
	General Plan of Concepts’ System Research
	Organization of Experiment
	Discussion of Results
	Conclusion
	Acknowledgement
	Bibliography
	Author’s Information
	Introduction
	Theoretical foundation
	Zooming user interface
	Features of the environment
	Implications of theoretical foundation
	Conclusion
	Bibliography
	Authors' Information
	Introduction
	Introduction to the Natural Classification as the Conceptual Knowledge Systematics
	Social Networks Functions Classifications
	Systemological Classification Analysis Application in the Social Networks Construction
	Model Creation of Knowledge Dissemination in an Organization with a Help of a Social Network
	Conclusion
	Acknowledgements
	Bibliography
	Authors' Information
	Введение
	Построение РПС
	Особенности РПС
	Структуризация учебного материала с использованием РПС
	ЗАКЛЮЧЕНИЕ
	Литература

